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Intelligent Edge Computing

Edge Identity Management Entity

Edge Networking Entity Intelligent Computing Entity Edge Gateway Entity Big data
Edge Analytic a;\?:llyt ICCS‘
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(TE) functions Functions other
Storage . IECs
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Data Collection Data Aggregation I Forwarding
functions functions ~—— management functions
TE Identity ENE Identity ICE Identity
management functions management functions management functions
TE Link I PULL message PUSH message Internetworking
management functions Management functions || Management functions management functions

[] Functions related with Data Processing
[] Functions related with Identity management
[] Functions related with Edge Networking
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Convergence Network 1

Convergence Network 2

—— Link1: heavy load
—— Link2: light load
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